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This is the second in a series of reports from the Al and Journalism
Research Working Group convened by the Center for News,
Technology & Innovation (CNTI). The working_group currently

consists of 18 cross-industry members from around the world,
bringing research, journalism and technology expertise to the
discussions.

The goal of the working group is to offer succinct summaries of
global research in specific topics at the intersection of journalism and
Al. Each quarter, the working group will synthesize the state of
research across two to three topics for journalism practitioners,
researchers and industry leaders around the world, focusing on
actionable recommendations for journalism — not other fields that
are concerned with Al.

In each report, we lay out the general findings of the research to
date, suggested considerations and/or actions for practitioners and
areas where more or new research is needed. This report was
prepared by the research and professional staff of CNTI in
partnership with several external contributors who collectively
authored this briefing. If you have ideas or research findings that are
important for CNTI and the working group to include, please email
them to info@cnti.org.

What do we mean by “Al"?

This report uses the OECD definition: “An Al system is a machine-
based system that, for explicit or implicit objectives, infers, from the
input it receives, how to generate outputs such as predictions,
content, recommendations, or decisions that can influence physical

or virtual environments. Different Al systems vary in their levels of
autonomy and adaptiveness after deployment.”

Wherever possible, we try to use specific terms rather than “Al” to
avoid conflation or confusion. Journalism has been adopting forms of
automation for more than 50 years,' but widespread use of the term
“Al” is more recent — and may include both newer technologies and
those that have been in use for quite some time.
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Al Transcription and Translation in Journalism

The working group looked at 55 research studies and other articles from computer science, social science and linguistics disciplines to better
understand how Al is shaping transcription and translation and what these developments mean for journalism. These studies include data
representing a range of geographic contexts and languages.

Research we reviewed suggests Reasons to continue to use human review include:

« Journalists are actively using Al tools for both transcription and 1. Al tools for transcription and translation are rapidly improving,
translation, but they experience varying levels of difficulty but significant gaps remain for “low-resource” languages |i.e.,
accessing the tools and varying accuracy of the outputs, due to languages with relatively little textual data online that can be
geography, resources and other factors.? used to train Al models).> Most of the languages spoken today

« Al transcription and translation systems can save time, are considered “low-resource” because there is not sufficient
compared with a fully manual process. Still, human review of content available online, including languages spoken by tens or
Al transcription and translation is critical for ensuring accuracy even hundreds of millions of people. Even among English
and identifying potential errors, missing information and speakers, only a limited variety of accents and dialects are
language biases.? The most promising workflows make it easy transcribed at least mostly correctly by Al-mediated
for humans to review,* and research suggests human review communication software.®
remains necessary for several reasons, especially in public- 2.Training data can produce inherent biases in Al translation and
facing contexts. transcription tools,” which can lead to inaccurate outputs for

journalistic content.

3. Al tools are “epistemologically indifferent”® to truth, meaning
they are stochastic models that generate words based on
probabilities and do not have a way to determine truth. This is
one reason many existing tools vary in the quality of their outputs
for transcription and translation.”
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Artificial intelligence (Al) systems are increasingly being used for
transcription — the process of converting audio to written form —
and translation — the process of converting content in a source
language to a target language. Journalistfacing transcription tools
like Otter and Trint launched nearly ten years ago,'® and automated
translation has been available to everyday users — at least for a
limited set of languages — since the release of Google Translate in
2006."" Advances in Al systems mean that Google Translate and
similar programs continue to improve rapidly.'? However, journalists
around the world do not uniformly experience the benefits of Al
technologies in assisting with transcription and/or translation.
Inconsistent access to technology and varying availability of high-
quality and verified training data remain major challenges.

Overall, Al models are improving. However, transcription tools
remain most accurate for a relatively narrow range of standard
American English dialects and accents,'® and translation tools remain
most accurate for only a few language pairs.'* There are significant
gaps in performance for “low-resource” languages [i.e., languages
with relatively little textual data online that can be used to train Al
models) as well as concerns about accuracy in those languages. It
should be noted that “low-resource” languages include a number of
languages spoken by hundreds of millions of people. In fact, English
is the language of about 50% of online content; the largest
proportion of online content that any other language represents is
6%."° Thousands of languages make only a minuscule imprint on the

internet.'®

Some of the ongoing efforts to close the divide between
“low resource” and “high resource” languages focus on creating and
improving training data. For example, Nigerian start-up Goloka is
working with Meta to collect data in five Nigerian languages'” as

part of a larger Meta-UNESCO partnership.

Al translation and transcription are rapidly developing areas of
research. Nearly all the research articles cited in this briefing are
from the last five years, and machine translation and transcription
are steadily improving. The working group expects to see continued
progress in building Al tools for these uses, especially for languages
that have not received as much attention. However, there is also
evidence that unverified Al translations are creating misinformation
on sites like Wikipedia, and those low-quality translations are being
used to train the next generation Al translation tools, leading to
worse performance.'®

Journalism Use Cases

Journalists regularly use Al tools for transcription and translation to
assist in the production of news content, generally with human
oversight over the process.'” Journalists also use transcription tools,
such as the Houston Chronicle’s Meeting_Monitor, to share summaries

of government meetings® with the public. Large-scale automated
transcription and translation tools, including A European Perspective

and Dubawa, are assisting journalists to report on topics that would
otherwise be difficult and time consuming to monitor. A European
Perspective consists of 10 broadcasters across nine European
countries that exchange content using Al transcription and
translation.?' The automatic transcription of audio-visual content and
translation between languages encourages greater coverage of
European news topics while also using editorial oversight to correct
cultural or linguistic details in outputs. Dubawa, an Al fact-checking
system in Ghana and Nigeria, was specifically trained using local
dialects and accents. The tool transcribes radio broadcasts and
checks for mis- and disinformation in several local languages.?® In a
similar vein, Paraguayan news outlet El Surti is building a community-
based Guarani language dataset and Al tools.?
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The degree to which Al systems have been implemented for
transcription and translation depends on newsroom resources and
languages in use. Through a series of semi-structured interviews in
South Africa, one study finds that Al tools are mostly being
infegrated in larger newsrooms and used to aid in public-facing
translation, particularly at public media outlets with mandates to
publish in multiple official languages.?* Still, journalists — especially
those in the Global South — are concerned about the utility of Al
tools for transcription and translation, given reported challenges with
accents and lower accuracy for local languages.?

Newsrooms find that using Al tools for translation saves time but can
result in inaccuracies, necessitating human review, especially in
audiencefacing content. One study found that Al translations of
infernational news in Tanzania were mostly accurate, but about 13%
of the sentences included mistranslations, minor ambiguities or
inaccuracies that missed cultural details, such as incorrectly
translating the English phrase “street food” word-for-word as “food of
the road” in Kiswahili, rather than using an idiomatic phrase.?
Similarly, a 2023 study benchmarking Al transcription and
translation tools for journalists also found that they can save
considerable time even with human review, but translations into
English perform better than other languages.?” In general, hybrid
translation, in which machine translations are reviewed by human
experts, is a promising approach.?®

Translation and transcription tools can also be used to personalize
news content for different audiences. For example, publishers can
add widgets to their websites or apps that would allow audiences to
access an automatically generated transcript of video or audio
content, or to access all content in the language of their choice.

4

Publishers are increasingly interested in providing these features.?’
However, publisher interest is currently far outpacing audience
interest: according to the 2025 Reuters Digital News Report, 65% of
publishers were actively exploring Al translation content but only
24% of audiences said they were interested in using Al translation.*
Similarly, 75% of publishers were exploring making audio available
in text format (and vice versa), but only 15% of audiences expressed
an inferest. The reasons for these gaps are beyond the scope of this
report, but researchers have suggested they may be linked to a lack
of awareness of what the features might look like, or to a broader
audience distrust of Al in journalism.*' However, audiences are more

comfortable with Al translation than with many other newsroom uses
of Al.*2

What level of accuracy is good enough?

One question that has not been addressed by research, is what level
of accuracy is good enough? For example, is it appropriate to use Al
tools if translation and transcription reach a certain level of
accuracy? Even a tool with 95% accuracy may still miss crucial
cultural and language nuances. Thus, human review and revision are
necessary to ensure accuracy and appropriateness for most public-
facing content. Future research examining the value of different
strategies for improving accuracy and appropriateness, such as
diversifying sources of training data, metadata, language-specific
models or algorithms, can help determine how to address accuracy
standards. However, research can only inform what is, at its core, a
value judgment.
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Technical Evaluations of Al Transcription and Translation

Models for these types of tasks are rapidly improving,*® and
translations between certain language pairs — like Spanish and
English — generally perform well.** Researchers find that while Al
tools cannot currently handle cultural details and ambiguity as well
as human experts can, they are promising in a number of other
contexts, such as (1) translations of medical terms from English to
German® and (2) translations of legal documents across Arabic and
English.*® Researchers also find that Al translations from Indonesian
to English often rival those of students in translation educational
programs when it comes to implementing techniques like
paraphrasing and structural transposition.*” Meanwhile, Al
transcription is being used to increase coverage of government
meetings.*® Summarizing these meetings may be a particularly
fruitful use of Al transcription because participation follows a
consistent structure and because figurative language and wordplay
are rare. Progress in this field continues as research and
development of novel techniques to build training datasets advances
and as the development of specific translation and transcription
models receive more attention.*

While Al transcription and translation technologies are improving,
recent research also highlights limitations and shortcomings of these
Al tools*® — including those particularly relevant to professional
fields like journalism.*' These limitations include the tools’ (1)
inability to fully handle language ambiguity and cultural nuance, (2)
struggle to perform tasks at the level of human experts and (3) biases
in outputs based on personal characteristics and attributes present in
speech and text data. Evaluating the quality of these tools is
challenging in itself: some metrics are overly simplistic, while more
holistic methods for evaluating quality or accuracy are opaque and
hard to interpret.*?

Al translation tends to focus on words rather than meaning, but
languages have a great deal of typological variation and do not
necessarily have parallel sentence structure. Moreover, word-level
translation often focuses overly on referential meaning (i.e., what
something is about) and lacks attention to indexical meaning |i.e.,
the social functions of language). Languages do not align one-to-one,
with words carrying different formality and/or emotional meanings;
Al tools may use the incorrect word to reflect the perspective of the
speaker.”® For example, professional speech is less formal in English
than in Korean** or Japanese,*> and a more literal translation into
those two languages will often be socially inappropriate. The outputs
these systems produce also change depending on how the
translation is described through prompting, such as using specific
requests to retain key themes from the source language versus merely
asking for a translation into a given language.*®

There is also evidence that Al translation models produce results with
gender biases®” (though these biases are diminishing as models
improve) by consistently assigning gender to professions (e.g.,
assuming doctors are men and nurses are women).“® A review of
133 studies finds that much research on this topic treats gender bias
as a purely technical or linguistic problem, rather than examining its
social dimensions; these authors also note that most of the studies
used machines rather than people to evaluate bias.*” Given the
social nature of bias, the authors raise concerns about this evaluation
method. In practice, these studies suggest that journalistic content
that is translated without careful review may inadvertently produce
outputs that include biased pronouns, occupations or perspectives
stemming from the Al tool’s training data.

Al Transcription & Translation | CNTI’s Global Al & Journalism Research Group | November 2025



Al transcription tools carry their own limitations, such as a tendency
to add content that was never said by the source. This type of error
appears more commonly when transcribing speech with longer gaps
between words and phrases.>® Strikingly, there are also critical
deficiencies in these tools when transcribing audio from people who
speak any form of English besides a fairly narrowly defined set of
standard American accents, such as both World Englishes®' and
African American Vernacular English.*?

Overall, a recurring theme in the literature reviewed by the working
group was that Al tools for transcription and translation of “low-
resource” languages are severely lacking.>® There are significant
gaps between human-written and LLM outputs in languages other
than English,>* with journalists in the Global South reporting less
confidence in these tools than those in the Global North.>> Among
“low-resource” languages, machine translation for signed languages
lags even further behind spoken ones.*® The most used signed
language data sets are small and frequently rely on interpreted data,
which is likely to include considerable interference from spoken
languages.®” It is not yet clear how best to represent signed
languages computationally, nor how best to evaluate translation
between signed and spoken languages.®

Although there are many challenges for Al transcription and
translation, greater attention is being focused on “low-resource”
languages than before.”” Two prominent examples, Masakhane and
Dataphyte, seek to improve natural language processing (NLP)
research across Africa. Yet more needs to be done,® including
designing tools for local settings — particularly in locations that have
thus far received less attention from technology companies and Al
developers.®'

Global Perspectives

Which languages are in common use vary from country to country,
as does the pervasiveness of multilingualism.

Working group members Joshua Olufemi and Oluseyi Olufemi share
their perspective:

The discussion in this edition centres around three critical issues.

First, the limits to the accuracy of existing LLM applications in high-
resource languages such as English and Mandarin. The second is the
implication of demographic and cultural contexts — such as accent,
parlance, and nuances — that determine the output of the Al tools.
The third relates to local initiatives for innovation and access to data
for training Al tools around transcription and translation of low-
resource languages.

In any case, it is important to expand research and practice beyond
just the demand-side effects of journalism’s use of transcription and
translation tools. This includes examining supply-side resources, such
as Indigenous language content, particularly in broadcast media. In
Nigeria, more than 20 Indigenous languages are used in broadcast
journalism, representing valuable resources for training Al in low-
resource media. Additionally, these languages offer opportunities for
media innovation in contexts with limited resources.

There is great potential to support both the technological
development of Al and media’s practical multilingual reality. What is
needed now is collaboration across the board — including linguists,
media and communication practitioners, Al technologists and
development policy actors.
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Where more research would be helpful

« Day-to-day use: The research does not yet include a deep
understanding of where and when journalists are using Al tools
for transcription and translation, nor does it explain where and
when they would like to once they feel adequate tools are
available. What specific issues are the journalists finding? How
might these issues be addressed?

Good-enough accuracy: What level of accuracy is good enough
for journalistic content2®® For example, is it acceptable if Al
translation tools achieve 95% accuracy when handling text
between two languages? The incorrect 5% may provide essential
cultural context for audiences in the target language. Research
can help inform news organizations and journalism providers to
decide what they are comfortable with as current tools are
unable to achieve 100% accuracy in every context. Journalism-
specific benchmarks for assessing Al transcription and translation
tools are also worth developing to address industry-specific
needs.

Languages studied: The research on bias in machine translation
has been limited to relatively few languages — with a bias
toward written texts — and has focused primarily on translation
into English.®® It also primarily focuses on gender bias in
isolation from other social identities and contexts. Expanding
research in this area would help news workers make informed
decisions about when Al translation is appropriate and when the
risks are too high.

. Downstream effects: There is little research about the downstream

effects that bias in the tools might have on journalism. For
example, if journalists are working under time pressure, are they
less likely to interview sources whose voice automated tools do
not transcribe as well2 Are journalists identifying and editing
gender bias in translation tools, or is it impacting their reporting,
their audiences’ understanding or both?

« Journalistic decisions: Further research is needed about the

context in which journalists approach tasks that involve
transcription and translation and the factors that go into deciding
when Al is appropriate and beneficial.

« Validated data in more languages: If the goal is to use large

language models (LLMs) for transcription and translation,
considerable attention and effort needs to be placed on building
robust LLM training data® in non-English and low-resource
languages. We need more high-quality translation training data
that has been validated in both the source and target languages.
Further research should examine how to do this most effectively
and efficiently to create inclusive Al models.

« Third-party tools: Larger news organizations are developing in-

house Al models, particularly adaptations of smaller language
models that can be run entirely locally.®® Meanwhile, many
smaller newsrooms are relying on pre-existing models from
technology developers. More research needs to consider the
potential impacts of relying on third-party tools,*” and explore
how smaller newsrooms can (1) adapt (fine-tune) existing models
to better fit their needs and/or (2) build custom Al tools that are
financially viable for them.
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Appendix

The studies and their research methods are presented below.

Authors Focus Scope Authors Focus Scope
o Creation of 68 Spanish-language political De Coster et al., . Review on machine translation from
Alonso Jiménez & . : . Translation .
Translation  articles using ChatGPT-3 and translated 2024 signed to spoken languages.
Rosado, 2024 . ;
info English.
Examination of the accuracy of seven
Examination of how ChatGPT 3.5 and transcription tools (e.g., YouTube,
Asi et al., 2024 Translation  Deepl compare to student translators Dubois et al., Transcriofion Facebook Video, Microsoft Stream, Zoom,
across six texts. 2024 'PH BlueJeans, Webex and Google Meet)
using 846 TED talk speakers (194 hours of
Bockett & Yaseen, Survey of.l 05 news organizations fr.om content).
Both 46 countries as well as interviews with
2023 . : . P "
journalists and newsroom staff. Fredrikzon. 2025 Other Thought article about Al “hallucinations
tzon, and mistakes.
Case study of the “A European
: . Perspective” project with further analysis Examination of U.S. data of Google
Canavilhas, 2022 Translation of 54 news items from the website RTP- Frey & Llanos- Translation Translate search data, translator job
Rédio Televisdo Portuguesa. Paredes, 2025 ' postings and local wage and employment
stats from 2010 to 2023.
Examination of the accuracy of Otter.ai
Chan et al., 2022 Transcription = across 24 World Englishes (n = 1,227 . Assessment of GPT performance of 50
. Ghosh & Caliskan, . . . ) .
recordings). 2023 Translation  occupations from English to Bengali, Farsi,
Malay, Tagalog, Thai and Turkish.
Comparison of the accuracy of semi-
supervised learning models on Case study in Tanzania of 19 news
Chang et al., Transcripfion Mainstream American English (3.33 hours Gondwe, 2025 Translation  organizations and interviews with 38
2024 PH of recordings) and African American news editors.
Vernacular English using (19.39 hours of
recordings). Comparison of Al models (Llama, Qwen
Guo et al., 2025 Translation and Mistral) for English, Chinese and

Court & Elsner,
2024

Translation

Translation experiments with 50 pairs of
Spanish-Quechua (Indigenous Peruvian
language) using GPT-3.5 turbo, GPT-4o,
Gemini 1.5 Pro and Llama 3.

French translations using 3,722
Wikipedia entries.
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Authors Focus Scope Authors Focus Scope
Hagar et al., 2025 Other Frocrim-:l-wprk for using small language Munoriyarwa et _ Serpi-strgctured_interview§ with South
models in the newsroom ol 2093 Translation  African journalists from six news
Y organizations.
Howcroft & Oth Overview of natural language generation
Gkatzia, 2022 er approaches for low-resource languages. Results of medical experts grading
: translations with ChatGPT and Deepl of
Resul . . Noll et al., 2025 Incinsicition 120 medical terms and 180 synon)F/)ms
esults of 11 language pair translations from Endlish fo G
Kocmi et al., 2024 Translation  from 28 participants’ models in addition to rom English fo erman.
8 LLMs and 4 online translation providers. . .
Novytska ef al. _ Synthesnls of r'eseorch on audiovisual
o . 2025 ' Translation  translation with a specific focus on
Kocmi et al., 2025 = Translation Prellmerory results of 32 !c.ngque par subtitles.
’ translations from 36 participants’ models.
Examination of functional multi-lingual
Koenecke et al. o {I\nolysi.s Of Whlis.per franscription . Ojewale et al., Translation model performance for translating two
2024 ' Transcription  “hallucinations” in English (n = 187 audio 2025 datasets in English info French, Spanish,
segments). Hindi, Arabic and Yoruba.
Overview of machine translation Development of a large-scale LLM
lee, 2024 Translation  technologies and how they compare to . _ evaluation benchmark called AfroBench
human translators. Ojo et al., 2025 Translation which includes 15 tasks, 22 datasets and
64 indigenous African languages.
Leiter et al., 2024 Translation  COncePt paper ider_ﬂifying |.<ey properties
’ of machine translation metrics. White paper on approaches to building
Pava et al., 2025 Other data resources for “low-resource”
Development of a crowdsourcing languages.
levit of al. 2017 Transcripfion approach that includes automatic speech
! P recognition G”d. hL.’mGn graders for Assessment of gender bias using a list of
building transcripfion data. Prates et al., 2020 Translation occupations (n - ].’O] 9) and tronslgting
these occupations in 14 languages into
Moghe et al Presentation of a new accuracy metric for English.
2005 N Translation Al translation using 36,000+ examples
across 146 language pairs. Qingli 2024 Translat Summary of translator and Al research
ingliang, ransiafion g potential future developments.
Comparison of 10 professional translators
Moneus & Sahari, Translation with three Al tools (ChatSonic, Bing Chat, Broad study about public attitudes towards
2024 and ChatGPT-4) on six legal texts in 5%5254Argued05, Both Al uses in journalism, including

Arabic and English.

transcription and translation.
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Authors Focus Scope Authors Focus Scope
Examination of 133 papers published Development of a novel neural machine
Savoldi et al., Translafi between 2016 and December 2024 on W 2022 Translat translation model that uses a generative
2025 ransialion  the topic of gender bias in automatic ang. ransiation - ydversarial network (GAN) and tests using
(machine) translation. 1M English to Chinese sentences.
Study employing four chatbots (ChatGPT- . Introduction to a special issue on machine
4o, épUSPA,YPe?plexity Pro, Gemini 2.5 Wolfe et al., 2025 | Translation translation for signid languages.
Schellmann, 2025 = Transcription  Pro) to test transcription of local
government meetings in Clayton County, Analysis comparing ChatGPT-4 to three
GA,; Cleveland, OH; and Long Beach, v . levels of human translator expertise across
an et al., 2024 Translation

Shahmerdanova,

2025

Simon, 2025

Simon & lsaza-

lbarra, 2023

Simon et al., 2025

Song, 2020

Tokalac, 2023

Ullmann, 2022

Translation

Both

Both

Both

Translation

Both

Translation

NIV

Review article of Al and translation
research.

Broad study of Al use in the journalism
industry and how it impacts industry
gatekeeping.

Summary of how Al is being used and
integrated in the journalism industry.

Broad study about the public’s attitudes
towards Al in journalism.

Examination of 188 news stories from

March 2001 to March 2019 and

compared official newspaper translations
to three machine translation tools (Google

Translate, Papago and Kakao).

Study in which journalist-evaluators
perform three tasks: (1) transcriptions in

their language, (2) English translation into

their language and (3) translating their
language into English to test model
performance.

Summary of existing literature on gender
bias in Al translation.

three language pairs: Chinese-English,

Russian-English, Chinese-Hindi.

Not included: 15 resources providing background information about
Al transcription and translation, most of which were news articles
(Ananny & Pearce, 2025; Brandom, 2023; Caswell & Liang, 2020;
Jarnow, 2017; Judah, 2025; Kahn, 2025; Langer, 2025; Newman
& Cherubini, 2025; Ohumu, 2025; Okolo & Tano, 2025; Spencer,

2025; Valdez Sanabria & Auyanet, 2025; Vo, 2025; W3Techs n.d.;
Breaking Language Barriers with Al, 2023).
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Endnotes

1.See Mari, 2024
2. Ananny & Pearce, 2025; Beckett & Yaseen, 2023; Gondwe, 2025; Kahn,
2025; Munoriyarwa et al., 2023; Simon & Isaza-lbarra, 2023
3.Qingliang; 2024; Shahmerdanova, 2025; Tokalac, 2023
4.Spencer, 2025
5.Court & Elsner, 2024; Kocmi et al., 2024; Kocmi et al. 2025; Pava et al.,
2025; Moghe et al., 2025
6.Chan et al., 2022; Chang et al., 2024
7.Ghosh & Caliskan, 2023; Prates et al., 2020; Savoldi et al., 2025; Ulimann,
2022
8.Fredrikzon, 2025
9.Dubois et al., 2024
10.Jarnow, 2017
11.Frey & Llanos-Paredes, 2025
12.Caswell & Liang, 2020
13.Chan et al., 2022; Chang et al., 2024
14.Court & Elsner, 2024; Kocmi et al., 2024; Kocmi et al. 2025
15.W3Techs, n.d.
16.Brandom, 2023
17.Orimemi, 2025
18.Judah, 2025
19.Ananny & Pearce, 2025; Beckett & Yaseen, 2023; Simon & Isaza-lbarra,
2023; Canavilhas, 2022; Ohumu, 2025; Simon, 2025
20.Langer, 2025
21.Canavilhas, 2022
22.0humu, 2025. See Vo 2025 for another example.
23.Valdez Sanabria & Auyanet, 2025
24.Munoriyarwa et al., 2023
25.Beckett & Yaseen, 2023; Munoriyarwa et al., 2023; Kahn, 2025
26.Gondwe, 2025
27 .Tokalac, 2023
28.Shahmerdanova, 2025
29.Newman & Cherubini, 2025; Ross Arguedas, 2025
30.Ross Arguedas, 2025
31.Ross Arguedas, 2025

32.
33.

34.
35.
36.
37.
28.
29.

40.

41

Simon et al., 2025

Breaking Language Barriers with Al: Maximizing Accuracy and Efficiency with
Machine Translation Technology, 2023

Alonso Jiménez & Rosado, 2024

Noll et al., 2025

Moneus & Sahari, 2024

Asi et al., 2024

Langer, 2025; Schellmann, 2025

Guo et al., 2025; Kocmi et al., 2024; Kocmi et al. 2025; Levit et al., 2017;
Moghe et al. 2025; Wang, 2022

Lee, 2024; Novytska et al., 2025; Yan et al., 2024

. Schellmann, 2025; Song, 2020
42.
43.
44.
45.
46.
47.
48.
49.
50.
51.
52.
53.
54.
55.
56.
57.
58.
59.
60.
61.
62.
63.

Leiter et al., 2024

Song, 2020

Song, 2020

Lee, 2024

Lee, 2024

Savoldi et al., 2025; Ullmann, 2022

Ghosh & Caliskan, 2023; Prates et al., 2020
Savoldi et al., 2025

Koenecke et al., 2024; Schellmann, 2025
Chan et al., 2022

Chang et al., 2024

Ojewale et al., 2025; Ojo et al., 2025; Pava et al., 2025
Guo et al., 2025

Beckett & Yaseen, 2023

Wolfe et al., 2025

De Coster et al., 2024

De Coster et al., 2024

Howcroft & Gkatzia, 2022

Ojo et al., 2025; Okolo & Tano, 2024
Kahn, 2025

How best to evaluate translation is largely out of scope, but see Leiter 2024.
Savoldi et al., 2025
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64. Howcroft & Gkatzia, 2022
65. Qingliang, 2024

66. Hagar et al., 2025

67. Simon, 2024
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